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Abstract: This paper carries out research on the correlation monitoring technology of oilfield environmental safety
standards, and conducts automatic correlation monitoring of domestic and foreign dynamic information related to oilfield
environmental safety standards such as standard dynamics, policies and regulations, think tank reports, intelligence products,
and hot columns. The research ideas are to identify data requirements of oilfield environmental protection safety standards,
determinate standard data sources, automatically capture associated data and make an analysis of associated monitoring
content. The paper uses big data analysis and knowledge correlation technology to realize automatic statistics and analysis
of the basic content of the required monitoring data, dynamically and visually display or analyze the monitoring data, timely
track and publish the forefront and hot content of oilfield environmental safety standards, help users to easily understand
the latest development in the field of oilfield environmental safety standards, and provide multivariate data support for the
construction of the oilfield environmental safety standard knowledge base.
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