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Abstract: The rapid development of intelligent driving vehicles has continued to raise the computational performance
demands for automotive artificial intelligence (AI) chips, and has triggered the industry’s concern about verifying whether
the computing performance of chips meets the needs of practical applications. However, most existing researches focus
on general computing performance measurement methods, and the computing performance of Al chips for automotive
applications still needs to be researched. Based on this industrial problem, this paper conducts survey on test models,
proposes a set of testing methods of Al chip computing performance for intelligent driving applications, and selects
typical models to test different products, and analyzes the test results of different chips under each model. The research has
important reference value for Al chip selection in the automotive industry.
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